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Hierarchical, Hybrid, Heterogeneous
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(Python)
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High Resolution Atmospheric Model

Low Resolution Atmospheric Model
(Convection-Resolving Mode)

(Convection-Parameterization Mode)
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75% Coupling Phase 1 Coupling Phase 2 0
Training with high-resolution Replacing Physical Process 25 A)
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Atmosphere-ML Coupling @1 meree
[Yashiro (NIES), Arakawa (ClimTech/U.Tokyo)]

FFFFFF

® Motivation of this experiment

B Tow types of Atmospheric models: Cloud resolving VS Cloud
parameterizing

Could resolving model is difficult to use for climate simulation
Parameterized model has many assumptions

100km

. . . : Y ///////4
B Replacing low-resolution cloud processes calculation with ML! y A
V-7 Y /7T
¥V // /4
[ 7 77 Bl 7/ 7/ ¢

h3-Open-UTIL/MP
| | (Coupler)

(Convection- +

h3-Open-SYS/WaitlO- —

ling Ph 2
SO C kEt (i):gpFl’rll%/sic:ISISrocess 25% ~O%
-Resolution NICAM

with Machine Learning

Diagram of @%ﬁl%ﬁ' ISIZ‘tE g%/‘gfﬁiospheric model 29

Low Resolution Atmospheric Model
(Convection-Parameterization Mode)
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